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Abstract 
This paper examines the people and cultural factors that may influence employee acceptance of the smart 

factory system at PT. XYZ Group company in order to support the achievement of INDI4.0 certification. 

A questionnaire was developed based on the extended technology acceptance model (TAM). A total 

sample of 407 employees involved both shopfloor and backoffice employees who interact directly with the 

smart factory system. After conducting reliability and validity checks, the hypothesized model was 

estimated using structural equation modeling. The findings of this study revealed that perceived ease of 

use (PEOU), culture (C), and facilitating conditions (FC) were significant determinants of behavioral 

intention (BI) and use (AU) of the smart factory system. While perceived usefulness (PU), perceived 

quality of work life (QWL), and computer self-efficacy (SE) did not have a significant effect.. 

 

Keywords: Industry 4.0, People and Culture, Technology Acceptance Model. 

I. Introduction 

The initial concept of Industry 4.0 is the existence of a production system where one machine/system with 

another machine/system is connected to each other so that they can communicate with each other. So that 

the production process can run flexibly, optimally, effectively and efficiently or often also called Smart 

factory (IEEE Conference, 2014), Smart factory has the following characteristics: Connected, between 

machines and/or systems within the factory and between factories are connected to each other, Self 

optimized, able to optimize the production process itself that will and is currently underway, Transparent, all 

machines/processes related to the production process can be monitored in real-time anywhere and anytime 

via computer devices. Agile, a factory that can easily and quickly configure itself according to 

environmental conditions and variations in products produced (Schumacher, A., Erol, S., & Sihn, W., 2016). 

Recent studies have shown that system implementation is not simply a technological solution, but a process 

involving many different factors, such as social factors (Tarhini, Hone & Liu, 2013c; Teo, 2010), 

organizational factors such as facilitating conditions (FC) (Sun & Zhang, 2006), and individual factors such 

as computer efficacy (Liaw, 2008), in addition to behavioral and cultural factors. These key factors play a 

crucial role in how systems are developed and used (Teo, Luan & Sing, 2008; Zhang, Zhao & Tan, 2008). 

The need to understand system acceptance and adoption in the context of PT. XYZ Group highlights the 

importance of investigating the factors influencing employee technology acceptance. 

Various theoretical models have been developed (the theory of reasoned action, the theory of planned 

behavior, the diffusion of innovation theory, the unified theory of technology acceptance and use, and the 

technology acceptance model [TAM]) to investigate and explore the determinants of user behavior toward 

the adoption and use of information technology. This study uses TAM (Davis, 1989) because of its 

acceptable explanatory power and popularity in a number of application areas (Venkatesh & Bala, 2008). 

Since its development, TAM has been widely used, tested, and extended to explain the adoption and success 

of technology in a number of application areas (e.g., Bagozzi, 2007; Yousafzai, Foxall & Pallister, 2007) 
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and in e-learning contexts (e.g., Park, 2009; Sánchez & Hueros, 2010; Teo, 2009b, 2011; Zhang et al, 2008). 

Teo et al (2008) emphasize the importance of testing TAM in different cultures because it is argued that 

when Davis developed TAM (Davis, 1989), he did not consider the unbiased reliability of TAM in cross-

cultural settings. In this regard, Tarhani et al (2015) added new variables, namely social norms (SNs), 

quality of work life (QWL), computer self-efficacy (SE) and FCs, into the research model to investigate the 

extent to which these variables influence employees' willingness to adopt and use the system. In this study, 

the Social Noma variable was replaced with culture considering that the research was conducted in a 

company level. 

This paper is structured as follows. The second section presents and explains our research model and 

explains the research hypotheses in detail. This is followed by the research method that guided the study in 

the third section. The fourth section presents the results of the proposed research model. Finally, the fifth 

section discusses the main research findings and conclusions. 

 

Theoretical framework 

This paper highlights previous literature that used TAM in an educational context and proposes an e-

learning conceptual model based on extended TAM.The model includes Culture, QWL, SE and FC as 

additional predictor variables within the extended TAM. Figure 1 presents the overall conceptual model, and 

the sections that follow illustrate and explain all of the predicted relationships of the previous literature 

studies 

Figure 1: The theoretical framework 

TAM model 

Perceived ease of use (PEOU) is defined as "the degree to which a person believes that using a particular 

system will be effortless" (Davis, Bagozzi & Warshaw, 1989, p. 320). In TAM and TAM2, PEOU is 

theorized as a direct determinant of behavioral intention (BI). In the context of this study, the inclusion of 

Perceived Ease of Use (PEOU) is intended to investigate employees' beliefs about whether the system is 

easy to use with minimal additional knowledge. If employees perceive a smart factory system as easy to use, 

they are more likely to adopt and use it. Therefore, we propose the following hypothesis: 

H1: PEOU (X1) will have a direct positive influence on employees' BI (Y1) for using the smart factory 

system. 

 

Perceived usefulness (PU) is defined as "the degree to which a person believes that using a particular system 

will improve their job performance" (Davis, 1989, p. 453). In TAM, TAM2, and the augmented TAM, PU is 

theorized as a direct determinant of BI. In the context of this study, Perceived Use (PU) was used to 
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investigate employees' beliefs about the potential benefits of using a smart factory system. If employees 

perceive a smart factory system as beneficial and adding value to their work, they are more likely to adopt 

and use it. Conversely, employees may be resistant or skeptical. Therefore, we propose the following 

hypothesis: 

H2: PU (X2) will have a direct positive influence on employees' BI (Y1) for using a smart factory system. 

 

According to Hofstede (1991), culture is "the collective programming of the mind that distinguishes the 

members of one group or category of people from another"—meaning that culture shapes how people think, 

act, and respond to change. Tarhini et al. (2015) found that cultural factors significantly moderate the 

relationship between PU, PEOU, and technology use intention in educational settings in the Middle East. 

Therefore, we propose the following hypothesis: 

H3: C (X3) will positively influence employees' BI (Y1) to use and accept smart factory technology. 

 

Quality of Work Life (QWL) is the level of employee satisfaction with various aspects of the work 

environment that affect their physical, psychological, and social well-being (Walton, 1975). For this paper, 

QWL is defined in terms of employees' perceptions and beliefs that the use of technology will improve their 

QWL, such as saving costs and time and improving work quality. Therefore, we propose the following 

hypothesis: 

H4: QWL (X4) will positively influence employees' BI (Y1) to use smart factory systems. 

 

In TAM (Davis, 1989), behavioral intention is a user's intention to use a system or technology based on 

beliefs about its perceived usefulness and ease of use. Within the framework of the Technology Acceptance 

Model (TAM) and its derivative models (such as TAM2, UTAUT, etc.), behavioral intention plays a direct 

role in predicting actual technology use. This means that the stronger a person's intention to use technology, 

the more likely they are to actually use it. Therefore, we propose the following hypothesis: 

H5: BI (Y1) will have a positive influence on the actual use of AU (Y2) in the smart factory system. 

 

Self-efficacy (SE) has been defined as the belief "in one's ability to organize and execute the actions 

necessary to produce a given outcome" (Bandura, 1997, p. 2). SE is a type of self-assessment that helps 

understand human behavior and performance in specific tasks (Bandura, 1997). It is expected that users with 

high SE are more likely to accept and use the smart factory system than those with low SE. Therefore, we 

propose the following hypothesis: 

H6: SE (X5) will have a positive influence on AU (Y2) of the smart factory system. 

 

Facilitating Conditions are defined as the degree to which an individual believes that there is organizational 

and technical infrastructure that supports system use (Venkatesh et al., 2003). Venkatesh et al. (2003) in 

UTAUT stated that facilitating conditions significantly influence the actual use of technology systems. 

Alrawashdeh et al. (2019) in the higher education sector stated that facilitating conditions have a strong 

influence on e-learning system acceptance. Oliveira et al. (2014) in the mobile banking context showed that 

supporting conditions such as infrastructure and technical assistance encourage wider technology adoption. 

Therefore, we propose the following hypothesis: 

H7: FC (X6) will have a positive influence on AU (Y2) of the smart factory system. 

 

II. Methods 

In this research domain, validity testing is implemented through convergent validity and discriminant 

validity tests. Convergent validity assesses the strength of indicators in reflecting la-tent constructs [45]. An 

indicator is considered valid if it has a loading factor > 0.50 towards the intended construct. Validity can also 
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be observed through Average Variance Extract-ed (AVE), where a good model has AVE values for each 

construct > 0.50. If the loading factor is < 0.50, the indicator should be removed. Discriminant validity aims 

to verify that a reflective con-struct shows stronger correlations with its own indicators than with indicators 

from other con-structs in the PLS path model [46]. This indicates that each construct has its own identity and 

is not highly correlated with other constructs in the study.Reliability is interpreted as the extent to which 

measurement scores are free from errors. Reliability testing can be conducted using Cronbach's Alpha 

method. The decision rule in testing reliability using Cronbach's Alpha is if the value of α > 0.60, then the 

items can be considered reliable [47]. In addition to using Cronbach's alpha, in evaluating the reliability of 

indicators in a variable, researchers can also utilize the concept of composite reliability. Composite 

reliability is a useful tool for measuring the reliability of indicators within a variable. A variable is 

considered to have adequate reliability if the composite reliability value > 0.7 [48]. 

Structural Equation Modeling (SEM) is a multivariate statistical approach that requires the formation 

of measurement and structural models. The process involves three simultaneous steps, namely validity and 

reliability examination (confirmatory factor analysis), testing the rela-tionships between variables (path 

analysis), and forming a suitable model for structural analysis and regression [19].There are two types of 

SEM, namely covariance-based SEM (CB-SEM) and partial least squares SEM (PLS-SEM). According to 

Ghozali & Latan [48] in the book "Partial Least Square Concept Techniques and Applications Using Smart 

PLS 3.0 Program. 2nd Edition", CB-SEM aims to calculate a structural model based on a strong theoretical 

foundation, to test cause-and-effect relationships among structures, and to assess the validity of the model 

through empirical evidence. CB-SEM is considered suitable for testing and confirming theories through 

several stag-es of complex analysis, while PLS-SEM is more suitable for research focusing on theory 

development. PLS-SEM aims to evaluate the potential relationships or impacts between variables. In PLS- 

SEM analysis, examination can be conducted without relying entirely on a solid theoretical foundation, does 

not require the assumption of normal data distribution, and can estimate parameters without requiring 

Goodness of Fit (GoF) assessment. The accuracy of the model's predictions is examined through the 

coefficient of determination values [48]. 

Hypothesis testing technique in this study involves the T-test. The T-test will be conduct-ed using 

bootstrapping method. Bootstrapping is a nonparametric procedure that allows for testing the statistical 

significance of various PLS-SEM results such as path coefficients, Cronbach's alpha, HTMT, and R² values 

[49]. According to Bahri [50], the T-test statistical technique is utilized to evaluate the individual impacts of 

each independent variable on the dependent variable. This study aims to assess whether electronic wallet, 

lifestyle, and financial literacy variables have significant partial impacts on consumptive behavior as the 

dependent variable. Testing is also conducted considering the significance determined by values ≤ 0.05 to 

indicate significant impacts of independent variables on the dependent variable.Evaluation of predictive 

relevance through the Q Square Test is fundamental in structural modeling, assessing the concordance 

between observed values and parameter estimations. A Q2 value surpassing 0 indicates the model's 

predictive relevance, while a negative Q2 value signifies its inadequacy in predictive relevance [51].There 

are specific criteria in this study, namely Generation Z individuals who are within the working age range, 

born between 1995 and 2008, residing in DKI Jakarta, who have worked or are currently working, and 

already have an e-wallet. The sample size for this study is 407 respondents, and questionnaire responses are 

measured using a 4-point Likert scale. Data analysis technique employs PLS-SEM with SmartPLS software. 

The examination of inter-variable relationships has been supported through the application of SmartPLS, as 

demonstrated in the research endeavors of Hutami et al. [52], Putra & Pasaribu [53], and Umar & Pasaribu 

[54]. 

 

III. Result And Discussion 

Evaluation of measurement models 
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Figure 2: Initial Testing Result 

 

 

In the Initial Testing results, indicators with loading values below 0.70 were eliminated, namely 

Perceived Usefulness (PU1 and PU2) and Culture (C3), Quality of Work of Life (QWL2, QWL3), 

Behavioral Intention (BI2), Self-Efficacy (SE1, SE3), Facilitating Condition (FC1, FC3), and Actual Usage 

(AU2). Furthermore, recalculations were carried out without changing the existing data and parameters. The 

results of the model improvement evaluation calculations can be seen in Figure 3  

Figure 3: Final Testing Result 

 

Reliability and construct validity were also met with a rho A value of more than 0.7 and an AVE 

value greater than 0.5. The discriminant validity value for this improvement also reached a valid value, with 
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all values obtained being less than 0.85. 

 

Structural Model Analysis 

A structural model illustrates the relationships between constructs or variables. Below are the R² 

values generated by the Behavioral Intention and Actual Usage variables. The R² value for the behavioral 

intention variable is 0.311, meaning that 31.1% of the variability or diversity of the behavioral intention 

construct can be explained by other constructs within the model, while the remaining 68.9% is explained by 

variables outside this study. For the Actual Usage variable, the R² value is 0.407, meaning that 40.7% of the 

construct's diversity can be explained by other constructs within the model, while the remaining 59.3% is 

explained by variables outside this study. 

Table 1: R Square Value 

 

Furthermore, the Path Coefficient value describes the strength of the relationship between constructs 

or variables. In this study, the variables with negative correlation coefficients were Perceived Usefulness to 

Behavioral Intention, Quality of Work Life to Behavioral Intention, and Self-Efficacy to Actual Usage as 

figure 5. 

 

Table 2: Path of coeffisien value 

 

Furthermore, the T-Statistic value for each relationship between variables is obtained with a value of 

more than 1.96 as a significant value as shown in table 4.10. 

Table 3: T-Statisic Value 
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Hypothesis Testing 

Hypothesis testing in this study was conducted using a bootstrapping process in the SmartPLS application, 

which generated values from the direct effect of the research model. Based on the t-statistics and path 

coefficient values obtained, the hypotheses with a positive and significant relationship are listed in Table 

4.11. Hypotheses H1, H3, H5, and H7 were accepted due to their positive and significant relationship. 

Meanwhile, H2, H4, and H6 were not positively related. 

Table 4: T-Statisic Value 

 

Based on the interpretation of the model, the following is a discussion of each variable in the resulting 

model: 

1. There is a positive and significant relationship between the Percieved Ease of Use variable and Behavioral 

Intention, thus the first hypothesis of this study is accepted. This means that employees' belief in using 

the system easily with minimal effort results in a desire to use the system. 

2. There is no positive and significant relationship between the Percieved Usefulness variable and 

Behavioral Intention, therefore the first hypothesis of this study is rejected. This means that employees' 

level of belief that the system improves performance does not influence their desire to use the system. 

3. There is a positive and significant relationship between the Culture variable and Behavioral Intention, 

therefore the third hypothesis of this study is accepted. This means that the work culture in the company 

results in a desire to use the system. 

4. There is no positive and significant relationship between the Quality of Work Life variable and 

Behavioral Intention, therefore the fourth hypothesis of this study is rejected. This means that the level of 

comfort, physical, and psychological well-being does not influence the desire to use the system. 

5. There is a positive and significant relationship between the Behavioral Intention variable and Actual 

Usage, therefore the fifth hypothesis of this study is accepted. This means that employees' desire to use 

the system influences their actual daily use of the system. 

6. There is no positive and insignificant relationship between the Self-Afficacy variable and Actual Usage, 

therefore the sixth hypothesis of this study is rejected. This means that employees' confidence in their 

ability to use the system does not influence their actual daily use. 

7. There is a positive and significant relationship between the Facilitating Conditions variable and Actual 

Usage, therefore the seventh hypothesis of this study is accepted. This means that the support of the 

system's infrastructure and technical team influences the actual daily use of the system. 

 

IV. Conclusion 

The purpose of this study was to determine the influence of a system's perceived ease of use (Ease of Use), 

its usefulness (Percieved Usefulness), the work culture in which the system operates, and its well-being 

(Quality of Work Life) on employees' behavioral intention to use the system. Furthermore, the study aimed 
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to determine the influence of this intention, along with self-efficacy and infrastructure and technical team 

support (Facilitating Condition), on actual, ongoing, daily system use. 

Based on the questionnaire data obtained and analyzed, it can be concluded that perceived ease of 

use and culture have a significant positive influence on behavioral intention. Percieved Usefulness and 

Quality of Work Life did not significantly influence actual system use. Actual system use, however, was 

positively and significantly influenced by behavioral intention and facilitating conditions. Self-efficacy did 

not significantly influence actual system use. 

For further research, it is interesting to find out the reasons why Percieved Usefulness, Quality of 

Work Life, and Self-Efficacy do not have a positive and significant influence on Behavioral Intention and 

Actual Usage in the work environment of PT. XYZ. 

 

V. Acknowledgments 

The author is grateful to Dr. Ir. Rina Djunita Pasaribu, M.Sc., CPM., EPC for her advice and support to this 

research.  

 

References 

1. Andrew, Anthony., (2015), The Influence of Organization Culture on Employee  Readiness for 

Organizational Change, e-ISSN: 2348-795X, Volume 03 Issue 05, 

http://edupediapublications.org/journals/index.php/IJR/ P,  Srilanka : IJR 

2. Azahari, M. H., Ismail, A. I., & Susanto, S. A., (2019), The Significance of Photographic Education in the 

Contemporary Creative Industry 4.0., ISSN: 2278-3075, Volume-8 Issue-7S2, May 2019, Malaysia : 

IJITEE 

3. Butt, Javaid., (2020), A Strategic Roadmap for the Manufacturing Industry to Implement Industry 4.0, 

Chelmsford CM1 1SQ, UK : MDPI 

4. Buyle, Raf., Van Compernolle, Mathias., Vlassenroot, Eveline., Vanlishout, Ziggy., Mechant, Peter., 

Mannens, Erik., ―Technology Readiness and Acceptance Model‖ as a Predictor for the Use Intention of 

Data Standards in Smart Cities, in Media and Communication 2018 : Volume 6 : Issue 4 : Pages 127–139 

5. Duttaa , Gautam., Kumarb , Ravinder., Sindhwanic, Rahul., Kr. Singhd, Rajesh., (2022), Overcoming the 

barriers of effective implementation of manufacturing execution system in pursuit of smart manufacturing 

in SMEs, Management Development Institute, Gurgaon-122001, India : Elsevier 

6. Faculty of Science & Engineering, Anglia Ruskin University., (2020), A Strategic Roadmap for the 

Manufacturing Industry to Implement Industry 4.0, Designs 2020, 4, 11; doi:10.3390/designs4020011, 

Chelmsford, UK : MDPI  

7. Fernando, Geovanni., Paula, Luciano Barcellos., (2023), Mediating Effect of the Adoption of Industry 4.0 

Technologies on the Relationship between Job Involvement and Job Performance of Millennials, 

https://doi.org/10.3390/admsci13070159, Peru : MDPI 

8. Frank, A.G.,  Dalenogare, L.S., Ayala, N.F., (2019). Industry 4.0 technologies: implementation patterns in 

manufacturing companies, International Journal of Production Economics, in press. 

https://doi.org/10.1016/j.ijpe.2019.01.004 

9. Gebhardt, J., Grimm, A., & Neugebauer, L. M. (2015). Developments 4.0 Prospects on future requirements 

and impacts on work and vocational education. Journal of Technical Education, 3(2), 117-133. 

10. Godoe, Preben., Johansen, Trond Stillaug., (2012), Understanding adoption of new technologies: 

Technology readiness and technology acceptance as an integrated concept., in Journal of European 

Psychology Students, Vol. 3, 2012., Norway : efpsa 

11. Ghislieri, C., Molino, M., & Cortese, C. G. (2018). Work and Organizational Psychology looks at the 

Fourth Industrial Revolution: How to support workers and organizations?. Frontiers in psychology, 9 

https://doi.org/10.1016/j.ijpe.2019.01.004


 

Aji Nugroho, IJSRM Volume 13 Issue 07 July 2025                                                              EM-2025-9408  

12. Hansen, Andreas Kornmaaler., Lassen, Astrid Heidemann., Larsen, Maria Stoettrup Schioenning., 

Sorensen, Daniel G. H., (2022), Competence Considerations for Industry 4.0 and Future Trends, Aalborg 

University, Denmark, In book: The Future of Smart Production for SMEs (pp.379-389) 

13. Hasbullaha, Hasbullah., Bareduan, Salleh Ahmad., Hasibuana, Sawarni., (2021), Developing I4.0 Readiness 

Index for Factory Operation in Indonesia to Enhance INDI 4.0, at: 

https://www.researchgate.net/publication/354231743 

14. Hsu, Hsuan-Yu., Liu, Feng-Hsu., Tsou, Hung-Tai., Chen, Lu-Jui., (2018), Openness of technology 

adoption, top management support and service innovation: a social innovation perspective, 

https://doi.org/10.1108/JBIM-03-2017-0068, Wenzhou, China : emeraldinsight 

15. Jr Davis, Fred D.,  (1985), A Technology Acceptance Model For Empirically Testing New End  User 

Information System, USA 

16. José I. Rojas-Méndez A. Parasuraman Nicolas Papadopoulos , (2017), Demographics, attitudes, and 

technology readiness A cross-cultural analysis and model validation , Marketing Intelligence & Planning, 

Vol. 35 Iss 1 pp. 18 - 39, http://dx.doi.org/10.1108/MIP-08-2015-0163, USA : emeraldinsight 

17. Kalambo, Yohanis., Anggiani, Sarfilianty., Usman, Bahtiar., (2024), The Influence of Technology 

Readiness, Strategic Leadership, and Organizational Change on Organizational Performance in the 

Indonesian Navy, in https://doi.org/10.54099/aijbs.v4i1.936, Jakarta, Indonesia : ADPEBI 

18. Kawung, George M. V., Mintardjo, Christoffel M. O., Rompas, Wensy F. I., Rogi, Mirah H.,(2022), Digital 

Technology Transformation of SMEs: Indonesian Case Study, https://doi.org/10.54536/ajmri.v1i6.948, 

Manado, Indonesia : e-Palli 

19. Kementerian Perindustrian Republik Indonesia, (2018). Making Indonesia 4.0, Presentasi Menteri, [Versi 

Elektronik] Tersedia: https://kemenperin.go.id/download/18427 , [23 September 2024] 

20. Kementerian Perindustrian Republik Indonesia, (2018). Indonesia Industry 4.0 Readiness Index,   

Presentasi Menteri, [Versi Elektronik]. Tersedia : 

https://sindi4.kemenperin.go.id/assets/content/INDI4.0_Full_v1.pdf, [23 September 2024]  

21. Leea, Y. Tina., Kumaragurub , Senthilkumaran., Jainc, Sanjay., Robinsond , Stefanie., Helua, Moneer., 

(2017), A Classification Scheme for Smart Manufacturing Systems’ Performance Metrics, in Smart Sustain 

Manuf Syst. 2017 February ; 1(1): 52–74. doi:10.1520/SSMS20160012 

22. Le, Lan Thi Ngoc., Jeenanunta, Chawalit., Ueki, Yasushi., Intalar, Nuchjarin., Komolavanij, Somrote., 

(2024), The Role of Managerial Competencies in Driving Industry 4.0 Adoption: A Comparative Study of 

Thailand and Vietnam’s Manufacturing Sectors, Sustainability 2025, 17, 77, 

https://doi.org/10.3390/su17010077, Thailand : MDPI 

23. Machadoa, Carla Gonçalves., Winrotha, Mats., Carlssonb, Dan., Almströma, Peter., Centerholtb, 

Victor.,Hallin, Malin., (2019), Industry 4.0 readiness in manufacturing companies: challenges and enablers 

towards increased digitalization., Gothenburg, Sweden : Elsevier 

24. Mana, Renato., Cesar, Francisco Ignácio Giocondo., Makiya, Ieda Kanashiro., Volpe, Waini., (2016), The 

Concept Of The Industry 4.0 In German Multinational Intrumentation And Control Company : A Case 

Study Of A Subsidiary In Brazil, DOI: 10.14807/ijmp.v9i3.665, Brazil 

25. Nafchi, Majid Ziaei., Mohelská, Hana., (2020), Organizational Culture as an Indication of Readiness to 

Implement Industry 4.0.,Hradec Kralove, Czech Republic : MDPI    

26. Norman, Ferly., Alamsjah, Firdaus., (2020), Key Factors to Promote Industry 4.0 Readiness at Indonesian 

Textile and Clothing Firm, Vol.2 No.2 May 2020: 73-83, Jakarta, Indonesia : (Engineering, MAthematics 

and Computer Science) 

27. Nagy, J., Oláh, J., Erdei, E., Máté, D., & Popp, J. (2018). The role and impact of industry 4.0 and the 

internet of things on the business strategy of the value chain-the case of hungary. Sustainability 

https://www.researchgate.net/publication/354231743
https://sindi4.kemenperin.go.id/assets/content/INDI4.0_Full_v1.pdf
https://doi.org/10.3390/su17010077


 

Aji Nugroho, IJSRM Volume 13 Issue 07 July 2025                                                              EM-2025-9409  

(Switzerland), 10(10). https://doi.org/10.3390/su10103491 

28. Nasution, Reza Ashari., Rusnandi, Linda Sendy Lediana., Qodariah, Elis., Arnita, Devi., Windasari, Nila 

Armelia., (2018), The Evaluation of Digital Readiness Concept: Existing Models and Future Directions, 

Bandung, Indonesia : The Asian Journal of Technology Management Vol. 11 No. 2 (2018): 94-117 

29. ÖZŞEKER, Demet BAĞIRAN., KURGUN, Hülya, YOZCU, Özen KIRANT., (2022), The Effect of 

Service Employees’ Technology Readiness on Technology Acceptance, Journal of Tourism and 

Gastronomy Studies, DOI:10.21325/jotags.2022.1028, Turkey : JOTAGS 

30. Prakosa, Bayu Giri., Guritno, Danur Condro., Anindita, Theresia., Kurniawan, Mahrus., Nugroho, Ahmad 

Cahyo.,(2024) , Correlation among components of the Indonesian industry readiness index 4.0 and its 

implementation on socioeconomic along with the demographic aspects, Jakarta, Vol. 3 No. 3, 2024 pp. 296-

309 : Emerald Publishing Limited 

31. Rafiah, Kurnia Khafidhatur., Widianto, Sunu., Kamal, Irsyad., Shofiana, Amaliya., Fajar, A. Malik., 

Rudini, Agung Anggara., Digital Readiness of SMES : An Insight From Indonesia, 

https://journal.afebi.org/index.php/ambr/article/view/517, Bandung, Indonesia : AFEBI 

32. Rauch, Erwin., Dallasega, Patrick., Unterhofer, Marco., (2019), Requirements and Barriers for Introducing 

Smart Manufacturing in Small and Medium-Sized Enterprises, IEEE DOI 10.1109/EMR.2019.2931564 

33. Reisberger, Tobias., Reisberger, Philip., Copuš, Lukáš., Madzík, Peter., Lukáš, Falát ., (2023), The Linkage 

Between Digital Transformation and Organizational Culture: Novel Machine Learning Literature Review 

Based on Latent Dirichlet Allocation, https://doi.org/10.1007/s13132-024-02027-3 

34. Rojko, Andreja., (2017), Industry 4.0 Concept: Background and Overview, 

https://doi.org/10.3991/ijim.v11i5.7072, Germany 

35. Saf’ani, Faiz., Ratnawati, Intan., (2021), Analisis pengaruh budaya organisasi terhadap kinerja karyawan 

melalui variable kesiapan untuk berubah sebagai variable intervening dalam menghadapi revolusi industry 

4.0, Jurnal Studi Manajemen Organisasi Vol 18 No 2 (2021), [Online] : 

https://ejournal.undip.ac.id/index.php/smo/article/view/39167 

36. Suharman., Murti, Hari Wisnu., (2019), Kajian Industri 4.0 untuk penerapannya di Indonesia, 

DOI:10.30988/jmil.v3i1.59, available at : 

https://www.researchgate.net/publication/333484172_KAJIAN_INDUSTRI_40_UNTUK_PENERAPANN

YA_DI_INDONESIA, [01 Oktober 2024) 

37. Sayekti, Andita., Suhariadi, Fendy., Herachwati, Nuri., (2023), Evaluation of Human Resources Pillars in 

Industry Readiness Index to Transform towards Industry 4.0, https://doi.org/10.31098/bmss.v3i3.697, 

Surabaya, Indonesia 

38. Schumacher, Andreas., Erolb, Selim., Sihn, Wilfried.,(2016), A maturity model for assessing Industry 4.0 

readiness and maturity of manufacturing enterprises., Vienna, Austria : Elsevier 

39. Shahzad, F. (2014). Impact of organizational culture on employees’ job performance: An empirical study of 

software houses in Pakistan. International Journal of Commerce and Management, 24(3), 219–227. 

https://doi.org/10.1108/IJCoMA-07-2012-0046 

40. Shinoharam Ana Carolina., da Silva, Elias Hans Dener Ribeiro., de Lima, Edson Pinheiro., Deschamps, 

Fernando., (2017), Critical Success Factors for Digital Manufacturing Implementation in the Context of 

Industry 4.0, [Online]. 

https://www.researchgate.net/publication/319830521_Critical_Success_Factors_for_Digital_Manufacturing

_Implementation_in_the_Context_of_Industry_40 (01 Oktober 2024) 

41. Silva, V. L., Kovaleski, J. L., Pagani, R. N. 2019a. Technology Transfer and Human Capital in the 

Industrial 4.0 Scenario: A Theoretical Study. Future Studies Research Journal: Trends and Strategies, 11(1). 

42. Ślusarczyk, B. (2018). Industry 4.0 – Are we ready? Polish Journal of Management Studies, 17(1), 232–

https://doi.org/10.3390/su10103491
https://doi.org/10.1007/s13132-024-02027-3
https://ejournal.undip.ac.id/index.php/smo/article/view/39167
https://www.researchgate.net/publication/333484172_KAJIAN_INDUSTRI_40_UNTUK_PENERAPANNYA_DI_INDONESIA
https://www.researchgate.net/publication/333484172_KAJIAN_INDUSTRI_40_UNTUK_PENERAPANNYA_DI_INDONESIA


 

Aji Nugroho, IJSRM Volume 13 Issue 07 July 2025                                                              EM-2025-9410  

248. https://doi.org/10.17512/pjms.2018.17.1.19  

43. Sony, M., & Trstenjak, M., & Cosic, P. (2017). Process planning in Industry 4.0 environment. Procedia 

Manufacturing, 11, 1744-1750. 

44. Sony, M., & Naik, S. (2019). Key ingredients for evaluating Industry 4.0 readiness for organizations: a 

literature review. Benchmarking, October. https://doi.org/10.1108/BIJ-09-2018-0284 

45. Westjohn., Stanford A., Mark, J. Arnold., Magnusson, Peter., Zdravkovic, Srdan., Zhou, Joyce Xin., (2008), 

Technology readiness and usage: a global-identity perspective, DOI 10.1007/s11747-008-0130-0, USA : 

Springer 31
st
 October 2023. 

https://doi.org/10.1108/BIJ-09-2018-0284

